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with XGB and RF achieving the highest AUCs (0.971 and 0.951, respectively),
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Figure 2. A. Directed acyclic diagram (DAG) showing cytokine PCs as potential
mediators and age, sex, and ISS as potential confounders. B. Partial correlation
analysis of RFx1 and DVT. RFx1, defined as fractures of ribs 1-2, remained associated
with DVT after adjustment for cytokine PCs, age, sex, and ISS.
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prediction.

HENRY M. JACKSON FOuNDATION
FOR THE ADVANCEMENT OF MILITARY MEDICINE

Rib location group 1 includes 1st and 2nd ribs; group 2 includes 3rd - 5th, and 12th ribs,
and group 3 includes 6th - 11th ribs.
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