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Background Results: Serum-Based Proteomic Profiling and Machine Learning ldentify Clinically Relevant Biomarkers for Aggressive and Deadly Cancer

* High-grade serous ovarian carcinoma (HGSOC) remains

a challenging and deadly disease for oncologists within Figure 1. Outcomes Risk for the Top 10 Favorable Prognostic Serum Biomarkers Figure 3. Elastic Net-Derived Optimal Predictive Protein Combination for Unfavorable Prognosis
and outside the Military Health System (MHS).
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o Model performance was evaluated using multivariable Cox

modeling and ROC/AUC analysis.

* The top-ranked serum proteins identified by machine learning represent clinically relevant circulating biomarkers

Eongz)zlrz:;on_ﬁee Survival (PFS). Overall Survival (OS) and * Enables identification of patients at high risk for treatment failure before initiation of chemotherapy. warranting external validation.
Platinum-Taxane Resistance with a drug free interval <182 days. * Supports precision treatment planning and enrollment into biomarker-directed clinical trials. * Adenosine deaminase 2 (ADA2) and tyrosine-protein kinase Mer (MERTK) demonstrate consistent associations as
* Statistical Analysis  Advances Military Health System goals for data-driven, personalized oncology while potentially reducing continuous and categorized variables across all three endpoints: PFS, OS, and resistance.
o Cox modeling with hazard ratio (HR) and 95% confidence interval ineffective therapy and associated toxicity.

* Integration of serum ADA2 with conventional clinical variables substantially improved predictive performance (AUC
0.829), demonstrating added value beyond standard clinicopathologic assessment.

(Cl'for disease progression or death). |  Provides minimally invasive serum biomarkers for future deployment across Military Health System
o Logistic regression odds ratio (OR) and 95% Cl for platinum-

taxane resistance treatment facilities.
o Multivariable models adjusted for age, stage, and residual * Demonstrates how serum biomarkers may support earlier therapeutic decision making using minimally
disease. Invasive testing.

 Elastic-net modeling reduced 791 quantified serum proteins to a parsimonious nine-protein prognostic signature
independently associated with progression and survival, and a strong AUC (0.78) with clinical covariates.

Disclaimer: The contents of this publication are the sole responsibility of the author(s) and do not necessarily reflect the views, opinions or policies of Uniformed Services University of the Health Sciences, The Henry M. Jackson Foundation for the Advancement of Military Medicine, Inc., the Department of
Defense or the Departments of the Army, Navy, or Air Force. Mention of trade names, commercial products, or organizations does not imply endorsement by the U.S. Government. Funding: Funding for this project was provided from awards HU0001-16-2-0006, HU0001-19-2-0031, HU0O001-20-2-0033,
HU0001-21-2-0027, HUO001-22-2-0016, HU0001-23-2-0038 and HUO001-24-2-0047 (Co-Pls: Christopher M. Tarney and G. Larry Maxwell) to the Gynecologic Cancer Center of Excellence Program from the Uniformed Services University of the Health Sciences from the Defense Health Program, and
administered by the Henry M. Jackson Foundation for the Advancement of Military Medicine, Inc.




	Slide 1

