Use of a Large Language Model (LLM)-enabled Text Review and Analysis Workflow (LitExplorer) to Evaluate
the Current State of the Science for Biomarkers of Acute Respiratory Distress Syndrome (ARDS)
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Figure 1. The LitExplorer Pipeline. The pipeline is comprised of 7 tasks:
(1) initial article search; (2) abstract screening; (3) full-text retrieval and
processing; (4) full-text screening; (5) biomarker data extraction; (6)
validation of biomarker extraction; and (7) post-hoc data analysis.
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